This paper shows that job loss is associated with a fall in subjective well-being (SWB). It then looks at how this change in SWB predicts job search and unemployment duration. The findings suggest that those who report feeling hurt by unemployment have shorter unemployment durations. Men who report a loss of SWB are also more likely to look for a job, but women's job search is not affected by the SWB loss. These findings confirm the theoretical prediction from job search theory: search effort and unemployment duration are affected by the utility differential between having a job and being unemployed. JEL codes: J64; J28
Introduction
An important question in labor economics is to what extent unemployment hurts those who experience it, and how large is the difference in utility between having a job and not having one. In job search theory, this difference in utility determines the payoff of the costly job search activity, and the prediction is that the larger the utility gap, the higher the effort one is willing to do to find a job. An opposing view to job search theory sees unemployment as involuntary, driven mostly by labor demand and with little or no role of labor supply. This paper proposes to test which of the two competing theories is true using a panel with data on both subjective well-being (henceforth SWB) and job history. The test consists of checking whether individuals who are (subjectively) most hurt by unemployment are more likely to engage in the costly job activity and more likely to find employment faster.
The prediction from job search theory is that those who experience a larger fall in utility when losing their job should be more likely to be looking for a job. To shed light on this matter, I use the British Household Panel Survey (BHPS), a panel that follows individuals yearly over 16 years and constructs their monthly labor history. The results are as follow. First, I show that SWB drops when individuals lose their job. On average, individuals report a loss of 1.1 in well-being on a 0-12 scale ( predicts both future job search and unemployment duration. The results hold consistently only for men, whereas they disappear under certain specifications for women. For men, the larger the loss of SWB, the more likely they are to look for a job and the less time they spend unemployed, thus confirming that labor supply has a non-negligible role in determining unemployment for them. A further motivation of this paper is to show that SWB variables have a predictive power that can be used to study job search behavior and unemployment duration.
Previous empirical research has focused on the effects of unemployment on mentalhealth but not on whether SWB could help us understand labor supply. Clark (2003) marks an exception, as he also looks into the effect of utility difference on the probability of employment and job search in the next wave. This paper's contribution is to offer a duration model of unemployment to test the theoretical predictions from search theory and to decompose the effects by gender. Recently Gielen and Van Ours (2014) have inquired into this question using German data. Their findings suggest, like mine, that the happiness difference between labor force states predicts job search, but in contrast with my findings, the increase in job search does not translate into shorter unemployment spells. The robustness section uses their methodology to the BHPS data, and I find that my previous results hold: the SWB fall upon entering unemployment not only predicts job search, but also unemployment duration.
The remaining of the paper is organized as follows. Section 2 provides a review of the literature on SWB and labor market status. Section 3 describes the 16 waves of the BHPS as well as the job search and duration data. Section 4 presents the empirical strategy as well as the main results of interest for job search and from the duration model of unemployment. Section 5 concludes.
Literature review
Studies in happiness and labor have repeatedly found a relationship between employment and happiness. On average, those who lose their job feel significantly worse than when employed, far worse than their income loss would predict 1 .
Prior to economics, a large stream of social psychology research studied the link between SWB and labor status. Most of the works find that employment brings many non-pecuniary benefits. Jahoda (1982) argues that unemployment deprives former workers from social interactions, purposefulness, time structure and the construction of identity. The unemployed are worse off not just because of the loss of their wage income 2 . Earlier empirical work by Jackson et al. (1983) shows that well-being rises with the transition from unemployment to paid work. Although the sample they use is not representative of the population, it highlights the effect of transitions on happiness.
Empirical work from economists testing this view has been conducted since the early 1990s, when reliable data on SWB became available through national household surveys. Clark and Oswald (1994) use the first wave of the BHPS to find that the unemployed are less happy than those working. The "unhappy unemployed" result is also found in Korpi (1997) , who uses Swedish data; Winkelmann (1998) , who uses the German GSOEP; Woittiez and Theeuwes (1998) , who have Dutch data; Frey and Stutzer (2001) , who use a Swiss household survey; and Blanchflower (2004) for Britain and the USA. Data on other countries have also been available through the World Values Surveys (WVS) and in other European studies such as those used by Blanchflower (2001) for Eastern and Central Europe; and DiTella et al. (2001) for Europe and the USA. All these studies find that when using cross-section data, the unemployed are less happy (on average) than those employed.
Identifying causality from unemployment to happiness is less straightforward. A reverse causality can arise if one is limited to cross section data: it might be easier for happy people to get hired. If inherently happy people are also more productive, better at work or simply more desirable to employers, then it is happiness that positively influences the chances of finding a job, and not the reverse. One way to isolate the causal impact is to use panel data and observe what happens to individuals' happiness as they change labor status 3 . HaiskenDeNew and Kassenböhmer (2009) is among the only studies that identify the causal effect of unemployment on life satisfaction. The authors use 23 waves of a German panel to study the life satisfaction reactions to three different reasons for becoming unemployed: voluntary quit, being fired, and plants closure. Their results suggest that plant closures (which are exogenous) have a strong negative effect on life satisfaction, whereas voluntary quits and being fired do not have significant effects. In this paper, I present panel data on employment transitions, supporting the view that part of the causality goes from labor status to happiness rather than the other way. I also show that the change in happiness caused by the job loss predicts job search effort and unemployment duration.
Looking for a job entails a costly effort, needing investment in readings ads, writing applications, mobilizing one's network, etc. If the utility differences between states (employed and unemployed) is small, it might not be worth suffering the search cost for an outcome that is uncertain. The literature on job mobility provides some evidence supporting this view. For example, Green (2010) finds that workers with a lower job satisfaction are more likely to search for a new job. Similarly, one would expect that those who report a drop in happiness when becoming unemployed will search more and find work quicker. Gielen and Van Ours (2014) test this prediction using a German panel (the GSOEP). Their results are twofold: first, they find that those who suffer when becoming unemployed have a higher likelihood of actively searching for a job. Second, and quite strangely, this increased search activity does not translate into shorter unemployment spells. Small differences in methodology between their paper and mine should be pointed out. The first and most important is their use of life satisfaction as a indicator, while I use SWB. It is known that those two indicators behave differently. For example, Deaton and Kahneman (2010) find that life satisfaction increases monotonically with the log of income, whereas SWB increases until around US$ 75,000 and then is flat. A second difference concerns their treatment of the difference in utility between states. In my paper, SWB is a continuous variable, and it follows logically that upon transitions, the difference in SWB is also continuous. Gielen and Van Ours (2014) use a dichotomous variable instead of a continuous one, by creating a dummy for those who have a fall in life satisfaction when losing their job. Some of the variance in the change in life satisfaction is therefore lost in their paper.
Data description
The dataset used is the British Household Panel Survey (BHPS), collected on households and individuals aged 16 and older, once a year between the months of September and May. It covers a representative sample of the British population during 16 years (1991) (1992) (1993) (1994) (1995) (1996) (1997) (1998) (1999) (2000) (2001) (2002) (2003) (2004) (2005) (2006) and has almost 10,000 households in 2006. For waves 1 to 8 there are around 10,000 individual observations by year, whereas for waves 9-16 there are, on average, 15,000 yearly individual observations 4 . The panel is unbalanced: during the eighteen years of the survey, some households and individual leave while others enter the sample. The survey provides detailed information on individuals' earnings, job history, educational achievement, household characteristics, as well as measures of satisfaction and mental health. From this information, standard control variables are constructed. These include age, educational achievement dummies (low, medium or high), self-assessed health status dummies (excellent, good, poor) as well as civic status (married, never married, separated, divorced or widowed). For comparison purposes, only working-age individuals are kept in the sample (aged between 21 and 65 years).
Data on subjective well-being and labor force status
The measure of well-being used is derived from the General Health Questionnaire (GHQ). This was designed by Goldberg (1972) and is widely used by psychiatrists to assess a person's well-being. The 12 questions asked are provided in the first part of the Appendix 5 . As presented by Argyle (2002) , the GHQ is one of the most reliable indicators of psychological distress. Table 1 and Figure 1 present the distribution of GHQ by employment status, and one can note three facts. First, the mean of GHQ is significantly lower for unemployed persons (9.1) as compared to the employed (10.4) or self-employed (10.3). Second, the distribution of GHQ has a larger variance in the unemployed group, where 25% of the respondents declare a low well-being (defined as a score lower than 8) against 13% and 12% for the employed and self-employed. Third, the distribution is skewed, with most of the respondents scoring 12, the highest possible grade. Only a quarter (26%) scores less than 10.
Looking at labor transitions over time, one can observe the associated change in reported SWB. Table 2 reports the effect of labor transitions on the GHQ score. Upon losing their job, those who were employed report, on average, a drop of 1.15 in their SWB, and 1.00 if they were self-employed. This is a significant drop given how the distribution is skewed to the right. The drop corresponds to almost one half of a standard deviation. The transitions from unemployment to employment or self-employment are associated with large increases in well-being (correspondingly 1.38 and 1.15 points). People report feeling better when they return to employment.
There is however an asymmetry in this process. On average, individuals report a larger gain in well-being when returning to work than the loss they report when losing it. A possible explanation for this asymetry is the existence of anticipation and adaptation effects, an approach taken in Hanglberger and Merz (2011) , who find large and negative anticipation effects of losing a job. When looking at the same transitional matrix decomposed by gender, we find that men report higher drops and peaks than women. Transitions from unemployment to employment provide men with a 1.6 jump in SWB compared to a 1.15 for women. When they lose their job, men report a drop of 1.15 points compared to a 1 point drop for women. The transition from self-employment to employment gives much greater rewards to women (0.4 points more) than to men (0.1). Using this table of transitions, I create a variable that measures the change in happiness when the individual enters unemployment (exiting paid employment), and for simplicity, I call it Hap 6 . It can be seen as the corollary of V e −V u , which in job search theory stands for the utility difference between being employed (V e ) and unemployed (V u ). Figure 2 shows she distribution of Hap. It reads as follows: 10% of the individuals report a drop of 1 in well-being when losing their job, while 31% report feeling no change in their wellbeing. As it is observable, a significant proportion of the individuals report feeling happier than before when losing a job (almost 18%). The majority, however, reports feeling worse off (42%). The average change of well-being is equal to -1.15, on a 12 points scale. Using Hap, I split the sample into two groups of individuals: those reporting a loss of happiness (the 42% of the sample) and those reporting no change or an increase in happiness, and I create a dummy called "loss, " which identifies the first group. Table 3 provides a summary of statistics for the variables in the survey. 
Data on job search
The BHPS has a section designed in a similar way to the LFS (Labor Force Survey) intended to measure unemployment by the ILO standards. Unemployed individuals are asked if they engaged in any job searching activity in the past week. The answer is self-declared, and their response is limited to Yes/No 7 . Section 4 presents the correlates of job search for those who are unemployed. The results show that men are more likely to report looking for a job than women. Job searching increases with education, age and income, and if one's spouse is employed; it is lower for the divorced and falls when regional unemployment rises (not reported). Individuals receiving higher benefits are less likely to report job search. Finally, the current level of GHQ is not related to the probability of reporting search. This last point is important as it shows that job search and happiness levels are orthogonal.
Data on unemployment duration
The BHPS contains a module with every single employment/unemployment episode from all individuals in the sample, thus providing their entire job history. However, this complete job history is only accessible for the first 16 waves (1991 to 2006) . The data is right-censored: information is not available on spells finishing after wave 16. Some random censoring also occurs as individuals are lost during the 16 waves. Merging this data with the household survey allows to run a duration model of unemployment in order to find its main correlates. The 16 years of the sample cover 5,737 unemployment spells 8 . The average duration of a spell is 23 months, but there is great heterogeneity as half of the spells end before the twelfth month and 70% of them before the 24 th month. Table 4 shows how the average duration in unemployment varies with individuals' characteristics such as their gender, educational achievement, age, or region of residence. For example, women spend, on average, less time unemployed 9 . Unemployment duration is much higher in Scotland, Northern Ireland and Wales than in London and in the South. Younger individuals have shorter spells than older ones, for both genders. Those with a higher educational achievement have, on average, shorter spells (15.4 months) than those with less schooling (32.1 months). Figure 3 shows the survival function of spells decomposed by gender, and Figure 4 decomposes it by educational achievement.
Income and benefits are also related to unemployment duration. We include information on total household income and on individual's own benefits as additional controls for the duration analysis. Benefits are important as they can amount to a substantial percentage of household income 11 . Figures 5 and 3 provide visual evidence of two clear discontinuities in the rate of return to work. The first discontinuity is found in months 10 and 11, in which the rate of return to work is significantly higher than in the immediate preceding or following months. The main suspect for causing this discontinuity is a reduction in benefits occurring on the 12 th month. The same story applies for months 22 and 23 as the benefits are also reduced on the 24 th month. For some individuals, monetary incentives seem to play a significant role in the rate of return to work. To summarize, age, gender, region and educational achievement all seem to be correlated with unemployment duration. Monetary incentives are also important as the anticipation of a drop in benefits might push some to return to a paid job. These results are in line with the literature on job search behavior. The theoretical model of Mortensen (1977) predicts a rise in the hazard ratio as one gets closer to the benefits exhaustion time. Meyer (1990) finds evidence of large spikes in the hazard in the prior weeks before exhaustion, a result extensively documented in the literature 12 .
There is an important caveat with respect to the duration data and the main variable of interest, Hap. GHQ is only recorded once a year at the moment of the interview, while information on labor status is asked for each month of the past year. Given this data design, Hap is only recorded for the unemployment spells that are running at the moment of the interview. In between two interviews, respondents might have had a short unemployment spell for which the change in happiness is not recorded. Hence, there is an under-representation of short unemployment spells: even though information on 5,737 unemployment spells are available, there are only 1,416 observations for the reported changes in well-being. This is due to the fact that data for GHQ is yearly, whereas the unemployment spells are coded monthly. There might be a potential bias to estimating the effect of Hap on unemployment duration if the (unobserved) Hap varies during the first 1 to 11 months before the interview. This can be the case if there is a fast habituation effect and those with a longer time in unemployment (up to 11 months) report lower GHQ falls than those who just entered unemployment last month. I address this issue by regressing Hap on unemployment duration when duration is truncated to 11 months and adding fixed effects to capture the variation on one individual's Hap. The results are in Table 5 and show that after adding fixed effects, Hap does not vary over the first months before the interview. The robustness section comments more on this table. 
Job search
This section starts by presenting the main correlates of the likelihood of job searching when unemployed, as shown in Table 6 . The results highlight the positive correlation between job search and education, age, and income levels. This section then focuses on the change in well-being reported upon losing one's job ( Hap) to test whether it affects the duration of unemployment and the probability of searching for a job. Using the dummy loss 13 , I show the differences in job search between the two groups in Table 7 .
Comparing the means, job search is slightly different between the two groups: 63% of the group suffering from being unemployed searched for work last week, whereas this drops to 56% for the others. These results suggest that those being hurt by the job loss are more likely to search than those who do not report a fall in SWB 14 . A means test (not reported) confirms that both means are different at 95%.
Kaplan-Meier survival functions
One piece of evidence suggesting that those who suffer more from the job loss return to work quicker is provided in the Figure 5 , in which a Kaplan-Meier survival function is estimated for two different populations using the dummy loss. Figure 5 shows that those who suffer from losing their job leave unemployment more rapidly. The solid grey line (above) estimates the return to work for those who did not suffer from their job loss. The dotted black line (below) is for those who suffered. For the former, the rate of return to work is lower (grey line) than for the latter (dotted line), thus confirming visually that those who report feeling worse at the moment of losing their job are quicker in finding a new job. The difference in both survival functions is significant at the 80% level from the fifth month onwards. Hence, this figure provides some visual evidence that the rate of return to work is lower for individuals who report being less hurt from unemployment 15 . Figure 5 also shows that the difference in the rate of exit from unemployment is no longer significant after the eleventh month. This is unlikely to be related to the drop in benefits that occurs at the twelfth month: as we will show in what follows, the change in happiness
Hap does not depend on income or the amount of benefits.
What predicts Hap?
The large heterogeneity of SWB changes to unemployment deserves to be dissected. Among those who lose their jobs, what predicts a rise in happiness, and what predicts a fall? Who are those who become happier when losing their job? Table 8 runs an OLS whose dependent variable is Hap. The results show that Hap is not easily linked to any observable characteristic. Individual controls such as gender, educational achievement, age, and marital status are completely orthogonal to the change in happiness when entering unemployment. Household characteristics such as the size and the number of children are also of little help. Income replacement (from benefits) is also, and quite surprisingly, not significant. The only predictor that is significant is the total household income. The larger the household income, the less one is hurt when entering unemployment. The size of the coefficient is however quite small, and its significance holds at the 5% level. Controlling for the change in income in column 3 does not alter the results, and quite surprisingly, the change in income is not significant either. As a general comparison, column 4 shows the same regressors applied to the year-on-year change in GHQ for all the sample, independently of whether one moves into or out of unemployment. Column 4 shows that the change in income is significant -and of expected positive sign -in the overall population, yet it is strangely not significant in the subsample of those entering unemployment. The conclusion to be drawn from Table 8 is that unobserved individual-level heterogeneity is very high and that observable characteristics are of little help in predicting the Hap.
Probit of job search
A probit of "search last week" is presented in Table 9 . The coefficient associated to the dummy Loss is significant at the 5% level in specification (1) . The coefficient does not change significantly even after controlling for all individual, household and regional characteristics in specification (2) . Specifications (3) and (4) are separated by gender, and this shows that the coefficient is no longer significant for women. Men who suffer when losing their jobs are significantly more likely to search actively for a new job. In what follows, I show that those searching for a job have shorter unemployment durations.
Results on unemployment duration
The average duration of unemployment is also different between those who report a loss in SWB and those who do not report a loss. For the group with a fall in SWB, the average unemployment spell is just below 8 months, whereas those with no fall in SWB report an average unemployment spell of 9.4 months. Using the data on unemployment spells, in this section, I run a duration model, with the aim of explaining the duration of unemployment with a list of controls plus Hap, the change in happiness reported when entering unemployment. Two estimation strategies are used. The first one is a standard OLS, while the second one is a proportional hazard model. The proportional hazard estimation method used is a Cox model, the standard for duration analysis. A summary of the main results is presented in Table 10, while Tables 11 and 12 show more detailed and complete estimations, which are discussed in the robustness tests section. The results from both estimations (OLS and StCox) are similar in all of the tables presented. Table 10 shows the OLS and Cox results when regressing the duration in unemployment on the controls and on Hap, which is calculated only for those who were paid employees in the previous year and are unemployed this year 16 . In the OLS estimations (2) to (4), the coefficient for Hap is positive and significant at the 1% level, which means that the more an individual says she suffers from losing her job, the quicker she returns to work. The results read as follows: a one point increase in happiness (when losing a job) is associated with around a quarter (0.236) month increase in unemployment duration. The size and significance of Hap is extremely similar in all estimations, independently of controlling for individual and household level factors, income, or the sample chosen. For example, estimation (4) is reduced to the sample of people who return to work after the unemployment spell, while those who transitioned from unemployment to out of the labor force are not kept in the sample 17 . Estimations (5) to (8) run the proper StCox duration model. Standard errors in parentheses. ***p<0.01, **p<0.05, *p<0.1.
ChgGHQ is the year-on-year change in GHQ for all the population, whereas DiffHap is for those entering unemployment only.
Again, the coefficient for Hap is not affected by the inclusion of household controls or income (from benefits and total income). The coefficient for benefits indicates that the higher the benefits, the longer the duration of unemployment; while the coefficient for total income shows that in households with higher total income, the duration of unemployment is lower. Including income as a control takes away the educational differences in duration. Specification (7) adds an interaction of Hap and gender. The coefficient for Hap is still significant and of the same sign, while the interaction is not significant. The results therefore suggest that those who report feeling worse upon losing their job are Source: BHPS, waves 1-16, pooled data. Absolute value of t stat in parentheses. *significant at 10%, **significant at 5%, ***significant at 1%. The reference category for education is low educational achievement. Household controls include size, number of children, and marital status. Loss is a dummy = 1 when an individual reports a loss of happiness upon losing his job.
Hap measures the initial change in happiness when becoming unemployed. Given that most observations of Diff-hap are negative, the results have to be interpreted as follows: if happier about losing a job, then one spends more time in unemployment. Column "ReturnWork" is based on the sample of individuals who return to work after their unemployment spell. Source: BHPS, waves 1-16, pooled data. Standard errors in parenthesis, *significant at 10%, **significant at 5%, ***significant at 1%. The reference category for education is low educational achievement.
Loss is a dummy = 1 when an individual reports a loss of happiness larger than 1 point when losing his job.
Hap measures the initial change in happiness when becoming unemployed. Given that most observations of Diff-hap are negative, the results have to be interpreted as follows: if happier about losing a job, then one spends more time in unemployment.
faster in leaving unemployment. Both OLS and StCox models suggest a negative relationship between duration in unemployment and the "happiness drop". The larger V e − V u (the happiness drop an individual reports between being employed and unemployed), the shorter his unemployment duration will be. As an illustration, consider the coefficient in estimation (1) . It shows that those who reported a fall in happiness spent 1.3 months less in unemployment 18 .
Robustness checks
In Table 11 , a series of robustness checks confirms the previous results. First, I check if
Hap is still significant when including more controls. I control for the regional jobless rate as it is also likely to affect time spent looking for work. If more people compete to get jobs, average search duration should increase. As shown in the empirical literature, unemployment benefits should also increase duration because they have an effect on the reservation wage. I also add a dummy for unemployed spouse in specifications (2) and (6). As a final check, I use the dummy loss in specifications (3) and (7), and the results are also significant. Source: BHPS, waves 1-16. Standard errors in parenthesis, *significant at 10%, **significant at 5%, ***significant at 1%. All specifications above are from a duration model using the StCox procedure. Standard controls include age, age squared, gender, number of children, household size, dummies for education and dummies for marital status. Region and Wave dummies are added in all specifications. Diff-hap measures the initial change in happiness when becoming unemployed. Given that most observations of Diff-hap are negative, the results have to be interpreted as follows: if happier about losing a job, then one spends more time in unemployment.
As in the previous table, the OLS results in specifications (1) to (4) are similar to the StCox duration model in specifications (5) to (8). Women, the young and the highly educated spend less time in unemployment. When more people are jobless in one's region, duration increases. Unemployment benefits also push individuals to keep looking for a job longer (their reservation wage is higher). Having an unemployed spouse is associated with longer own unemployment spells. Specifications (4) and (8) are the most complete ones, and they show that the coefficient for Hap is significant at the 1% level. Since the change in well-being is negative, it suggests that the more an individual says she suffers from losing a job, the quicker she returns to work. Specification (3) confirms this intuition: those who report a loss spend less time in unemployment. The results suggest that a one point increase in happiness (when losing a job) is associated with a 0.3 month increase in unemployment duration, even after controlling for other factors. The proportional hazard model confirms the OLS results. Those who suffered more upon the entry into unemployment have a higher hazard rate out of it. Thus, Hap is negative, the less one is hurt by unemployment, the lower the hazard rate out of unemployment.
A sizeable proportion of the those entering unemployment end up leaving the labor force altogether. The duration model presented so far does not distinguish between those leaving unemployment to return to work vs those leaving unemployment to be out of the labor force. In our sample, I identify 356 spells that end with the individual leaving the labor force. Many of these individuals end up re-entering the labor force in subsequent years, sometimes in the immediate year after, but for the sake of robustness, I run the following two tests. The first test consists of checking whether my results hold for the reduced sample of those who re-enter employment after unemployment. This is done in columns (4) and (6) of Table 10 . The results show that Hap predicts well the return to work for those who choose to stay in the labor force. In the second test, I create a dummy that is equal to one when an individual's spell ends in a return to employment and is equal to zero when the spell leads to exiting the labor force. A probit of the spell leading to return is then performed in which Hap is included as a control variable. The results, presented in Table 13 show that Hap does not predict the exit from the labor force. Table 12 confirms the link between increased search and a shorter duration of unemployment. In specifications (2) to (4), the coefficient of job search is significant and shows that those who report searching for a job have a lower duration of unemployment. Moreover, the inclusion of job search is not affecting the significance of the other standard control variables (not reported). Table 12 in the Appendix is important because it proves that even after controlling for job search, the log of benefits received, and the log of yearly income, the coefficient for Hap is unchanged.
I also look into the direction of the causality to show that it is not the duration of unemployment which is affecting happiness. Unemployment duration might affect well-being through a habituation effect. In their review of unemployment-related psychology findings, Darity and Goldsmith (1996) describe three phases of emotional response after a job loss. These consist of first shock phase where optimism st ill predominates, followed by a phase of pessimism and helplessness, and finally a phase of fatalism feelings with habituation.
If individuals adapt to being jobless, we should observe a higher well-being in longterm unemployed than in those who recently lost their job. Controlling for individual effects, we should observe among the unemployed a rise in well-being with time Loss is a dummy = 1 when an individual reports a loss of happiness upon losing his job.
Hap measures the initial change in happiness when becoming unemployed. Given that most observations of Diff-hap are negative, the results have to be interpreted as follows: if happier about losing a job, then one spends more time in unemployment. spent in unemployment. However, upon comparing well-being across different categories of unemployed, one cannot rule out a sample selection issue -arising in pooled regressions 19 . That is why pooled regressions yield different estimates than panel data regressions. Using panel data (individual fixed effects) is the proper way to estimate the impact of duration on well-being. Clark (2006) does this exercise using three European panel data sets. For the pooled data, he uses an interaction term between duration and unemployment. He finds that panel data does not support the hypothesis of habituation, when using the GSOEP and the ECHP 20 , but the results are not significant using the BHPS. The same exercise is executed in Table 14 and is explained below. Table 14 estimates the effect of unemployment duration on well-being using a fixedeffect logit. Using pooled data in specifications (1) to (3) and an interaction term between unemployment and its duration, I found that unemployment duration is positively associated to well-being. However, if one controls for individual fixed-effects -in specifications (4) to (6) -then duration is no longer associated to well-being. This hints at the fact that duration is associated with the individual fixed-effects but not directly with well-being. The transition matrix shown before provides evidence that staying in unemployment has no different effect on well-being than staying in employment. The panel specifications (4 to 6) regress the change in well-being to the change in unemployment duration. The results show that the coefficient of duration is not significant. Hence, it can be said that the effect of unemployment on well-being is independent from its duration.
The last robustness check is performed in Table 5 . Individuals are interviewed only once a year, but the unemployment spell could have started at any time in the previous 12 months. There is hence an under-representation of shorter unemployment spells. I check whether Hap is dependent on the time having spent in unemployment before being interviewed by limiting the observations to spells that have happened in the last 11 months. I find no effect of the timing of the interview on Hap, no matter the specification (fixed effects or pooled) or the gender (the result holds for both genders). The results confirm the finding of Gielen and Van Ours (2014) using German data: they also find no effect of interview time since unemployment on Hap.
Conclusion
Upon losing their job, workers report, on average, a fall in their subjective well-being, and this fall is higher for men than for women. Although this finding is frequent in the literature, few papers have attempted at exploiting the heterogeneity in this fall. I find a large heterogeneity: some feel better, while others feel worse when losing their job. This individual heterogeneity is hard to predict using the typical observable controls. Job search Source: BHPS, waves 1-16. Standard errors in parenthesis, *significant at 10%, **significant at 5%, ***significant at 1%.
theory suggests that the relative value of a job, with respect to being unemployed, should predict the job search effort. This paper exploits this variation in the fall of happiness and finds that men reporting feeling worse when losing their job are more likely to be actively looking for a job, and this increased search translates into shorter unemployment spells. The causality direction goes from the fall in happiness to the search effort, as one precedes the other, and tests of habituation to unemployment are rejected. The results do not hold when the analysis is performed on the women-only sample. They do hold however when interacting the change in happiness with gender, which leads the author to believe that the disappearance of significance is due to the reduced number of observations for women while the regressions still try to control for many fixed effects. These results are important because they shed light on our understanding of job search effort. As predicted by theory, search effort is positively dependent on V e − V u , the difference in well-being an individual reports between being employed and jobless. As the payoff from being employed rises (falls), the unemployed will search more (less), and this translates into the a shorter (longer) unemployment spell. The gender difference in the results is puzzling and should be the focus of further research. Gielen and Van Ours (2014) is the only previous study attempting to do the same. They used a different dataset (from Germany), and they also found that a fall in happiness predicts job search. But their results show no link between job search and unemployment duration. This could be due to their use of life satisfaction instead of SWB and their use of a dichotomous variable, whereas I make full use of the continuity of SWB.
Finally, the results have to be seen as providing evidence that labor supply is an important determinant of unemployment. There is a large variance in search effort, and at least some of the unemployed are not looking for jobs because the payoff, in utility terms, is not large enough. Labor market activation programs should be especially useful and targeted to those workers. 1 Clark and Oswald (1998) find that the income loss from losing a job explains only a quarter of the drop in well-being. 2 Proponents of this idea highlight the negative psychological impact of being unemployed. Summaries of the literature can be found in (Fryer and Payne 1986; Warr 1987; Warr et al. 1988; Feather 1990 ). Argyle (2002) is a reference book in social psychology with an extensive chapter on the GHQ measure and another one on unemployment. Darity and Goldsmith (1996) provide a broad summary of the social psychology literature on unemployment. 3 The effect of employment on SWB is not properly identified as we only observe transitions, and there might be a selection bias on transitions: something else can be causing both transitions and unhappiness. 4 In 1999, 1,500 households were added from both Scotland and Wales. In 2001, another 2,000 households were added from Northern Ireland. More information can be found on the BHPS at https://www.iser.essex.ac.uk/bhps. 5 There are 12 questions, and the score ranges from 0 to 12. I use an "inverted Caseness score": individuals start with a score of 12, and for each question in which they are fairly or highly stressed, they lose one point. The GHQ score is widely used by psychiatrists: individuals with low Caseness scores are eligible for psychiatric treatment (Argyle 2002) . 6 In the calculation of Hap, I exclude those entering unemployment from a selfemployment status as the self-employed may have more discretion in choosing when and if to become unemployed. Given the more voluntary characteristic of the unemployment of those who were self-employed, their subsequent job search behavior is likely to be of a different nature, and the possibility to leave unemployment is also likely to be different since they may have more opportunities to start their own business. 7 Individuals might feel the incentive to over-report their job search, if for example they feel that the benefits they receive are dependent on reporting they have been actively looking for a job. As long as the over-reporting just adds noise to the real measure of job search, the variable will be useful, albeit imprecise. However, if the over-reporting is correlated with Hap, then the results that follow will be biased. 8 Spells longer than 8 years are (arbitrarily) taken out of the sample. They are outliers irrelevant to the present analysis and bias the results. 9 Selection issues could explain this difference. Participation rates are higher for men than for women 10 , so it is possible that working women differ significantly from their non-working peers, whereas this is less the case for men. 10 Women's participation rates have increased from 70% to almost 75% between 1991 and 2006 (the years covered in this survey). Men participation rates are above 85%. 11 Since 1996, unemployment benefits are given through the Job seeker's allowance (JSA)
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program, which posits conditions to those enrolled to ensure they are actively engaged in job search. The JSA has two components. The first component is contribution-based, and is given for at most of 6-months and for a maximum weekly value of 65 pounds (in 2010). The second component is income-based, also with a maximum of 65 pounds per week, and given only if the claimant as an income level below a certain threshold. 12 (Moffitt 1985; Meyer 1990; Van Ours and Vodopivec 2006; Dormont and Fougère 2001 ) all find, using data from different countries, that the exit rate from unemployment to employment rises sharply as the end of the entitlement period approaches. See Card et al. (2007) for a review of findings. 13 The dummy loss is constructed using Hap and differentiates between those reporting a drop in happiness and those whose happiness does not fall upon losing their job. 14 The reverse causality (search causing unhappiness) is avoided here because we are using the initial drop in happiness, which predates the search, is measured only once, and is time-invariant. 15 This result also confirms the prediction of Clark and Lucas (2006) that sample selection bias arises if one uses pooled data OLS regressions to estimate the impact of unemployment duration on well-being. It seems that those feeling worse leave unemployment sooner than the others. 16 the self-employed transitioning into unemployment are for now kept apart. 17 Out of the labor force includes: maternity leave, retirement, long-term sick/disabled, or in training. 18 Estimation (1) uses the dummy loss instead of the continuous variable Hap as it makes the interpretation of the results easier. 19 Through a shift-share mechanism. Those who stay unemployed longer are different:
those suffering the most might have left to inactivity or back to work. Those suffering less from unemployment stay jobless: hence, a selection bias arises in cross-section specifications.
